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(deterministic)

(stochastic)

Explicit Uncertainty Modeling (Heterogeneity as Identity)

• Goal: Model and simulate human driving behaviors with heterogeneity and stochasticity.

• Challenge: Traditional models learn a one-to-one mapping

 but real drivers induce a one-to-many mapping with uncertainty

• Solutions:

Latent Variable Modeling (Heterogeneity as Composition)

(i.i.d.)

(temporal dependence)
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